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Abstract: The deployment and planning for ultra-dense base stations, multidimensional resource management, and on-off
switching in 5G networks rely on the accurate prediction of crowd flows in the specific areas. A deep spatial-temporal network
for regional crowd flows prediction was proposed, by using the spatial-temporal data acquired from mobile networks. A deep
learning based method was used to model the spatial-temporal dependencies with different scales. External factors were
combined further to predict citywide crowd flows. Only data from local regions was applied to model the closeness of prop-
erties of the crowd flows, in order to reduce the requirements for transmitting the globe data in real time. It is of importance
for improving the performance of 5G networks. The proposed model was evaluated based on call detail record data set. The

experiment results show that the proposed model outperforms the other prediction models in term of the prediction precision.
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